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25 (PR AN R B g HH R AE 1960 4EAX, (ERIFSRE IR e BRI S A BB T SEH M
i FRAURIRAET AT P& B0, #ii% 1950 4EH9 BN RS 2000 FERE BET-HIA Z
X RN, T HRARS I REIE.

Al =N BE, BHRSH AL RS

HE: A& RKREAAEMERIEN AR S HE SR BT T 30F, HIlT—K
IR AT BT R ) AT AR R4, #%BEIhRe5r 2N (silicon, storage, infrastructure
software, data processing engines, programming languages and tools). F=iufIF&%
7 Databricks, Cloudera, Hortonworks, Sykmind f1Microsoft, Google, Amazon, Baidu $2f
FIREESE N

BHRSS IR Z A FH B CIRRREGESE, 2B TSN, BRI G EAEREEE AT RS .
HA2FN AT BRSSHTHERE D IAE =R B, IR Z LIRSS AR - 6 8 B 13RS
XA EAE ). IBM [ Watson group IEFEMUXfFH. IEH —L8 A I Kaggle.

AT BR&Ak: N T SREBUXFAIHETRE ), 1R 2 Sk BRI A 7 O8R5 ) R4,
MARHCEE#EE., IECHBRE Google F Clarifai $#2HLH K H API. SalesForce. com
WS P T8 B R IR 55 -



HE: ZPENTRERSLEARN Al NEFELHE

TR K B8 ] VO PA RO T F 3R A U1k, AT/ML BAELE B A ], Tk AR5 $e L 7s (4
Board Institute) N HIAEH £

BEAS A0l S AT () 2 B 2 AN Bl Abod i P Eei,  HL28 A0 e 2 £ s 5
LA F AR IR S5 B S0k, HOE FAS IEAE IR S o R 7 1) 2 Bl AR A i BRI 3R AR
TAT AHSR FUR AN BRI ANAE AN A A B REAS . B X LS, ATV Z AR &
TN 52

A2 NTE R RAE, BUAE AT AHR I E AR IR 2 AEE A0 . TR 2 A
AT Stack IEFEZRBTERG, IA RGPS T, BAES 776, TH, 558120,
WA AR Z EIFEE AT,

FZ AT AR — KIS AT FRIEFERIGIT e = FEHAR, BiREdEE R, 15
Re 1ot 25 JLRAR DA R AX AR SS, REFEINIEH .

Xt GPU THELRE /I R SR BUAER AT Spring KM — KiK. £ ALML RE&H, HHA
FENHYE T REMMEM SR, XM NHEA S B R RRERG. £ =2
training algorithm, EEREXIR T IFHRHICR, BB, Fdd SR e RO
BINTTREAE R . IZR BRI AR BUK, 2 EIMIIZGRERET GPU KITHE R4 1
Y AR A BV AR A inference. Inference X it S EE I ERSMRIRZ, HHEZH
FEE T /N ARG 0 (K #5088 PR AR B HY R () . FPGAS AT ASTCs 254 VA A SR ZE M, {H 2 iX ik
FAE CPU tHERE S 3Ent E#E KT . Google [ Tensor Processing Unit s&—7 ASIC
SERII B ARSI . BRI FPGA A — L858, INTEL S5B7E FGPA 4577 MIE M —LL B AR 1Y
M

FRBFERE AL REMRAFH, AT RGOH AR SEFER CBEACHTH
ARG, ZHAFIEEEHA IR RS, XWARME 7N Databricks SEHFR R &5
FIHIEE, XRS5 2 N 2 B A Rl E Ik

NA T BAREE T GPU () 2 IR SS HRAL 1 BO AN (R R RE R, AT AR 93k MR R 55 1)
Z ﬂﬁ)ﬁ\

Amazon AWS: 41 _F& R AL R K. BRI 64 #% CPU, 16 Tesla K80 GPUs,
732GiB. A7, Mk 6.8 KL/,

Micorsoft Azure: INEEATISRZELETURIME, 24 cores, 4 Nvidia Tesla K80 GPUs, 224
GB of memory and 1.4TB SSD disk.

® Google Cloud Platform(GCP): Beta [fEX%,

® Alibaba: FJZi&HKIEA Nvidia 7EA1E(HH Tesla K80 GPUs.

M AEREE 2 ), RE BRI B S BE )« B BB A A 1) HDFS 38 A
S3 SEAFMHLAE R I AL, A EMC EWHENLAS I RA . IUAESE B G ORRORR, R TH IR
(R A7 45 R R0 A SE IR 25 A7 it D TR B B A DG IR AR SCHRREL B O i T I E R BT A&
&

IR, AR AR LA S ST OB A o TEBRL ISRt FE R, s = AR i
Wit NAFAE RS0, FRERE A S M RT LN T, — BRI ST, ok B 1L Ees, P
A A RIE BV BRI AL AT 0, ARSI A ax Se i . AEDARTAY ETL LR

(Informatica Fl IBM) 3 YH S 7 (TIBCO) Hfit | —Lbymfe AL B H AR . it L1y f
SERFE B, FFJRELAR N Kafka, Storm Al Spark #HcRER) 2, B4 SRS 40 Amazon
Kinesis #ll Google Pub/Sub,

°
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TEAPE 28, B2 R MU T . tedn, R RN SCAR B F A A [F) K /N Bl B
t, EE. {#H SkyMind i DataVec 25 T ., AJ DLl g seBlix e hn T,
AR A
Confluent (Kafka), Databricks (Spark Streaming), Cloudera (Spark Streaming),
Hortonworks (Storm, Spark Streaming), Amazon (Kinesis), Google (Cloud DataFlow),
Skymind (DataVec), IBM (Streams), Microsoft (Azure Data Flow).
IR AL - B R AR B R — B — MR, 2015 4RGSR, BEE T R
$35. 9bno R KMIA T L S&P. FE AT B, FHEMZE SO 1 — oG B A B EOR, Aol
2N 28 TS RORECEE , SRS PR AR . B, H N T RESE B BE R R, T T RE A
“spam” BE “cat” .

O A I 2% ) B ARSI Google TensorFlow or Caffe, HBeWSHEHIH] " ELELATH]
X LR 55 Ab A

FEARZ A W] B Spark PN e tbA 2, KRR, NATHEIL 10 4> Github £ 2
H, #3858 738 1BM, Cloudera, Hortonworks and Databricks (which has the bulk of
the committers to the project) % .
WIBIES : WIS T SRR R AR E WM I B A B 5 2 135 & /& Python
FIR. RMHIH Microsoft (which acquired Revolution Analytics) and RStudio (an open
source provider) & FEH L FFE .
i TR dR AT ATPARSC B i L0 T, EUASARI 2 SAS Institute and SPSS, BI
solutions such as Microstrategy and Business Objects, IR#FEZEHIH Crystal Reports.
BT DN H Tableau $E A0 AT A040 AR 45 0 ELEE K o
PLER AR T E, W0 Microsoft’ s Azure Machine Learning solution, ANfHiFE R
L7 —Fh EAAERAA S, SAS tIRAL T Ak R E T A .
A OGER T A
SAS (SAS Enterprise Miner), Tableau, Microsoft (Azure Machine Learning), Amazon

(Amazon Machine Learning), Google (Cloud Machine Learning), Databricks
\H A)
HR RS

O — LA WA R RAAHICHIIRSS, RBRAA K. A RIREAHRIRS K AR A
IBM, Accenture and Deloitte, Teradata.

FENLER S ST R AA BRI AN & b, BRSO B i) X J LR A ) -

IBM, Huawei, Accenture and Deloitte

Appirio, Bluewolf, and Fruition Partners X8z i+HAMICHIA Gl A NA it 2% 7 TH 1
KU,

* 21: Al-aaS 7= MEMWM

= PG Al-aaS 7= s

NG FE i EN (ETT)
W. I i | Machine Learning APT | #2{it il F #L 25 2% | Zd5 o0 A A B RE /N 0. 428
(AMZN) =] AR R0

ERS; B
APIs. FitAbFH i)
APIs . SEHS 0
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APIs

o 7
(GOOGL)

Vision API K& LA RYE B RE, &1
YR P 0821 58
Google Cloud Machine | i FI /= AT DAY | SHE LISk 2k Hk/ N {3 AT A9
Learning PLA 22 B | YR oot o, USCHL 0. 49$ 2
FEE RS 36. 758/ B/ ;
TS 3K - 1k iR 0.05$%]
0.108; 54k, HFiEREE,
AT SRR/ S 0. 408
Speech API WA B O | 1 B Nt 1 P DL A 15
A FRUSEL 0. 006$
Cloud Natural | 7o 45 # 46 SC A £ | 0 3 bk Hdg 9% #id bk HdE,
Language API Ef ik REFREEMAMEAE, & 1k

IO 0. 12583 18

Translate API

L 90 FHE
it

1 §7354F 208

Prediction API

BL& 22 31 e i
T LA

6mo WA BATIH A mo
WL 10 3670; #58 K S 3R T X
maA Uit 10000, & 1k I
TN 0. 508, B 1k iR
FOHrUSCEL 0.05$; B SE M
WZH 0. 0028

(O
(MSFT)

Computer Vision API

Kot v LA 73 B

R A A &, 11 SO 0§ 3

TH 1. 50%

Emotion API P IR L)) WHEEAHE, 1k FHEBCR 082

0.25%; FWANH T

Face API N A B N | R4 AR, 1k FH55UR 082
eyl 1.50%

Text Analytics API S5 A A 2 | IR E, & H 083 25008
#r

Video APT AR ST R AT N | B EEFRRHIE 300 2555 ok

6 PR . Bk
M. B R FA

7 4 w1 1 v
Bk
Bing Speech API 5 Bl SO AR | RERTIAE, & 1k FH55 083

L SUA B e 1 i
i AL Rt
ATRAE

A$ 845G /N 5. 5$F] 9%

Custom Recognition

Intelligence Service

A SE L
TH

I

Speaker Recognition

API

[ER= AT R
B, T aisiE

T RVEAR HRE, & 1k 3
%% 082 10$

Bing Spell check API

PEkE

AR A A &, B U 08 2
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45%; fHFAES, 100k FE55Uk
HY 508

Language W&k app BN | #R4EF V%, 1 FHEYC 083
Understanding me 0.75$
Intelligent Service
(LUTS)
Linguistic Analysis | H T4 4k SCA | 5% (B HR 100k F55, &8
APT WA ERES | R24M3H%

AbFE T E

Web Language Model | #&F REST Bzl | #R¥E H %, 1k FHEWHEL 083
API %, #RHEHT E | 0.058

HE AR T A
Academic  Knowledge | F§ T % R H B H | RIEHNE, & 1k F5500 083
APT UK #E, M| 0.258

Microsoft

Academic Graph ¥

RIER
Entity Linking THEEE S | Rl R 1k H5
Intelligent Services
Recommendations APT | AMEALF=MERE | HR4E AV, & AW 0$3] 50008

Bing Autosuggest API

i Bing AIEHIY
HWRIER, RAE
W

WA AN, B 08 2
2708, HHE AR 100k F55 308

Bing W] Bing A HiER, | MRS HAEAE O, B 0§32
News/Image/Video/Web | 3kEX$4 245 5 81008, 7 5F 10k 5% 308
Search API

SRR b

Al Iz 554L

AL H)FEREAT WY AT-aaS 160 (FFWK, RIRES)

TEEINgniL 2, Flin: CRM CREMHLAHT). HR (AAFREE) Fidiligl (T HE4Ed), Wb
EF| SaaS LRI AU R, 1IX FEG 55T SaaS B R AT LAZAR R0 K& A R Fh SR £
¥E . Workday, Salesforce. com, Zendesk, Oracle, SAP 1 IBM f& & ZXBENS M B AL 1K) Al-aaS
TAR LR BERR o FRATIR AL 19 KB 53 SaaS A 35 #BTE T A& EH o3 41 7= it FH gl 7 e v 4k
g, I HIRN TR BT B R 2 —FhEnG . OF BRATR X AL L2 8K
I8 R 1T L3

Salesforce fENL &R I RE U BT AR OR, HAEId 2 18 M H AL 4 X AT KU ]
P CILE 5D,

FHEEH) A F) HE:

IBM, SAP, Oracle, Salesforce, Workday, Zendesk, Hubspot, Shopify, Ultimate Software,

ServiceNow

FHRWATIL AT-aaS 00 (EFEELLE, HIERN . RS
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EARFE WU “AT RIIRSS” R FTREE S AEtestudtEsh . Kk ENRER &8, it ixs
s T A LA 2 IR, [ AT DOREIR SE RS0 -5 07 L %7 BN . AR AT
DATE T B AUk ) 91 b R Ry AR R AR, BB IT AR, T AR 2 B X 2% A HL T 7 1]
FIFE . BT 2y, BN F & B ik BE TR & s ORTE) AT E RIS 4x0 F38
e (i — Lo T 7 RE NI i VR G A S A NI S O HERE 5 e )

Boyr ATk, IBM ZEFF R EEAEER “AL BURS” MR — MR HE . ITHE
IBM CL2AE 24T 40 145 e RPAT K E M BT SORAIOE R A 7] . IXEEIB 25852 K
EMERITHE (IBM 7EH “{glin” Hid 3 A AMEEITIdsR). HXEyr 8 (o
A AR A PR BB ) MR ARSR IS, IBM IEAE FIMR S ImpRIR . 2
PRI AE B (B 5%) SRR 5% o RS T 3 BT, e A 82 7] B IEAE AR SR LA U 2Rk

WESTT A 29T, 1228 ) T e St s )
By AT EE “Al BIIRSS” JEoR:

AiCure T AT EOR, EMEARRELINRE HA ST | $12
AT ARAL 25 P2 X

Apixio PRptsE N “HORERIT R R bR KARMERtE. A | §$42
HFNHEEN Saas N HFET

Arterys SaaS (LHI AT &, AT DA REEE B4 B ) fmT L | $14
1k gE

Atomwise EEXF 2500 R I FT KK B AT &4t

BioBeats IR E T AL/HLAS 5 2] g Refi v 7 &

Butterfly TE R v P RE R T A VAR FBE 2 >0 SRV ) e P YR 2

network

Deep Genomics

ST HLER S S M BORRIT R HERR T+ SRR 2 WA
BT (BAR)

Enlitic FRRBE 2 2 B AR I PR 2280 7 A Y (AT 40T) B 4618
Entopsis REEMRES. B S RBEWRm. SRR E £
Ginger. io I3 M IR RE BRI P AR AT N s, O PR R R
Healint (EAERL SRR S

Lumiata PL AT FOR A3 7 B Bt o fr T A

MedAware 2577 H R T IR T 5

Numerate FETHLE A EARM A6

Oncora Medical

308 3 KA S M AL 8 > 7 R AR R 78 =7 i) L 1 1 AR
RASCRFEA

VisExcell T IS RHAR LS 7 ) FIE T R AR X 2GR &
GIEAST7 T VT AL B A BRI R A4

Wellframe P B PR R AL I B BN AT R T R

Welltok BT WA 22 I BRI B 2 T B3R T7, A AT R fd Fefs

FP #EIX . App MIFREZ B ERGRE K

Zebra Medical
Vision

SRt B S SR 2 Hr AT DAIE 1 B 1 4R Al 55

Zephyr Health

A5 RIR 55 B A e B A R R T S A F]

SKE: ##E /A7 (Crunchbase)
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HEANTLE IR

FR#E TResearch IAFFL, H[E 2020 1 AT MR B 2015 4511 12 {2 N IR MK 2] 91 12
AR M. 782015 4, HHiT 1412 CEFREIEK 76%) RSN AL 137,

FEBURBUGRTT I, R SR A R T 1E 2016 4F 5 7 18 5k Am 7 HIBKM+FI N L& fg
ZEESM T . HURIEE T AN BART ISR N TR R R R, BAET . R GihRElL.
FRPRUORY . NSRRI BRGVEM St 2 HE . FURIBASL 11 2018 4 B A LAk
M. GUEETEE. TILRSE. GRS R AL Eat Tl AR IX — B b, RS+ E
f AT Db e A E B /KT H, - RIS FE R GE i AT BORMS F 5 i th 5 i 377

HHE D AR 74750 MIRE] “URFES:S]7 B “IREME Mg ” AT EsdE HE,
EOogmEE. TEE AL BTS2 HRIEEE NENRIRZ], HAA T 54556 KT B85 A1 &
BARBIF AR . FEAE 2015 4E 11 AP R BIREE S 2 7T LA S 9T% ARG S, JFgk MIT BB
YABTEN 2016 EE+ RRBHERM. Boh, FBA1E 2014 F A EEFHE I KK DeeplD £E LEW
B LIAB] T 99. 15%HIHENFZ

PE 23: $RF| “PRPESEC]” B CTRBERMZRMES " (SRR P 24: 4RE| “IRENEZ]T B CPREMEMLE " ARSI F IR SR
400 90
350 BO
70
il —4=—China &0 =#=China
250 —m-USA -m-USA
50
200 —d—England —d—England
Australia 40 Australia
150
Canada 30 Canada
i —#—Japan 20 ~g-Japan
i __._,../f ®
0 & e 0 - -
2m 2012 2013 2014 2015 201 2012 2013 2014 2018
Source; US National Science and Technology Council Source: US National Science and Technology Council

o HBE M E Sk BAT 51400H [ AT (IR JE, SULRIR, Boa AN w162 sl e A H 1) AT 4143 A8
FH AR T R SR . 24, R E AT T EE B A LU LA

1) BERlIRSS B EA E T S

2)  REAEPE S AL AR SIS A

3) FREMRS N Re A HRAN R R e

4)  FRRE TGRS 5= 2

% iResearch MRS, & A EUZIR A 70 A UET R E AT 13711 60%F1 12. 5%, 71%1)
HE AT AFEERENHF A b, AR EERE b, o 55%E THENALG, 13%7E B
SRIE SO, O%FEFERENLAS 2] .
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FATN, AR AT U 51 0 R AR SR A [E

Baidu

2015/09 DuEr (F FEFE15) EETEHI AT AN B

2015/11 TR IR 2 BT B R E W 4 1018 R
VIES N

2015/12 TN B o N8 B ZE AR b 3 5E B
MR FEERES WL AN
Bl

2016/08 DuSee AT A B BN RN A
[T 2 RS 1 AR “F &

2016/09 [E PN HEMANTLEGEYE

2016/09 Paddle Paddle T FE TR BUR B2 2 ST HE S

2016/10 B FER 3 APPS. 0 BE TR REMA AR
FHEAE IS APP, KA T
AT HARE 5 AL FRIYR B2 2

Rey B L 2

2015/07 (SRR AT %Mk, HR4E 2016/10 BB
FIFRE, 2 80%F) Al @i AT
VOSLIN

2015/08 DT PAI TR R MY TG,
ERRETEE K AL TG

2016/06 B L 2 A R ICDAR & # 1K K F8 b 3R 15
%4

2016/08 B B 75 BT FRAT 15 A8 5 R 3 B A
fif R TT R AT

1R

2015/06 Youtu I TRORE AR T80T N 1R &
Youtu B oA

2015/08 TICS SEH s SO N TR RE s I =,
FEWF AT AU HE A
SRVE AR EE R A2 AN T
e

2015/09 Dreamwriter Fg oA 1 E S — AN
RIEHLEF N

2015/11 What K56 E-HRER N TR BE A S
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HLES N H P SRR

Plae N AEH BA W e U4 £ DIHLES A v iyt 5L, F P e LT s AT 4
B il OUARERE B H) DAL ELZ) M 2% BRI [va) S FH % 1) 9 S BB &P 6 o Heb) i3t AHEE
ZHTHATIF AN LR T 73 IIRA AT, WSEAR MR )2 5% F RS, TEEH P A
2 2 RS B IR BN N, AT e BRIRIRE R 1S . Rk, ARG Blix L&
ST RIS, B SCRE, 0L TARRAR I TAE R 2 50

FERRTI 12-18 N H o, — AN AR B K 32 KA 2 IR 45 1 B 2 =) S FFTFIR0 T HLE% 2
SIMEZE, 1E 2015 R, Google FFIE T HL#s 22 > i ZE TensorFlow, W S h AR AE X
[ AR SRR, I R S RS SR B CINLES 22 S IUH o« AT X ML 88 5 ) 7 R
W H R SRR el s N R, EETTE GESih, A8 R, fdR) 13
A 2L B (Alexa, GoogleAssistant, Siri, Cortana) B 1M & AAES RS hSFE=
BWOE Viv, AT = BRSBTS RGPt — P BEET Viv AL T3
H,
H ARG T AL (NLP) . HLAS AP 0 SR AEAR Tt A 18 e sl A B8 B SR 35 07 7« R B PR B B B 2
o). BB TN TR RREOR . THENLER A DUE SCRMEGERFIQIHT DGR, XHL
A NFPDGER AN, AL i) BE T X, 55Tl g A% U £ A4 1K) CTRLAF BRIEK
BRI AL BB AH B, NLP AL 5 ) ok B Tl B I SRR R ST, SR )5 mT LK
L TR SCARSE o ML 2] A% O BRI [RIAEE FH T NLP, SREROEGE R 2, FL R AR 5k
AL AT .

EOR NLP F 5 R 8 IAE SCARIZHE (i dn, SR A SRS, RIS BRI S AR FIE 3
[ 25 1, ELI Ao 22 [ 24 IR 2 2 SIS (R A 35 IEAE A NLP AR 18R Re Ak, MR NRTES
FRY 5 S i) . Google T+ N LA e R 4t Tensorf Low () H #A1H & ARATALAL 43 47 FE SyntaxNet,
SyntaxNet B #h£e 2% I T B, — MG RN B AR, R B E2 A
135 R BRI %, — MERBA 2T SyntaxNet BALZA I TensorFlow HE4E
IR 1) e AR I 28 S5 4 o

HEFEE. VI8 A DE S U0 FacebookMessenger, WhatsApp LA IH M 4L Slack Al
HipChat %594 5N H I PREIG K RIE . W BN AR Pt 7 —Fhdt s, d@de, Hlas AnT L
5 10S, Android R B FEATAC EH . BhAh, BRI SN FH IETE R & SRR 2 Fhiag
HRAKFG . £ Slack b, AT RES NG, WIENHER, GIEfr I FuisR
B [A) — 4% 1 4% 9% FH « FacebookMessenger, AEH I [A]—ANFi, FH A LA AR AR,
&t ot R ) S ) R B3R AT Uber THZ .

FOUT IR ML 2% NSO B F 38 (Angel. aiCEO) 1 Google (API.ai) FIER/MCE, H—A
HEET UG SO, R 7 AR R 3 & AR B 985 5 /B R IS T B B HL
2o MR Pitchbook %, H 2013 4ELIKR, fE AT/ML, HLF %, SaaS MM%% %4555
T FA T B A | Bk AR #8824 120 123576, TfE 8 AERTIUZI N 20 123£ 7t
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Exhibit 25: VC funding across messaging
$ millions

54,500 300

$4,000 537,

250
53,500
43,000 200
52,500 sl

150
52,000

1,608

51,500 100
31,000

50
$500 21— 5313 5403 $424

112 . 119 31
S0 - .| 0

2005 2006 2007 2008 2009 2010 2011 2012 2013 2014 2015 2016

mm Tatal Capital Invested Deal Count

e: PitchBook

%#m%AMﬁaF%E%ﬁﬁ~%A7% RZ . RERIREM A7 25 BEHTE
#ill1 Facebook, Slack, WeChat %555, HLas NFEBIHESIH -2 5T, QUGN 2IR5)°F
& RIS S) . 5 ORI a1 o w2 A AN R A R R R, VG GPU $R RS
(NVIDIA) FFFJEHEHLr, BHEE-TE4R4ER, UABIW S, 258, WERIXFER = ki
BERG . Hdr, Wudbfr By, EEAWE BTSRRI BN IEEZ IR LA A
BE ST A A B 845 Zendesk Fl1 Salesforce. com, ‘EAIENL 2 NBEAE 2 H shibili & %
5 R —Fhig A 7 2

Exhibit 26: Growth in Slack, FB Messenger users
The rise of enterprise and consumer messaging platforms

1000

900
3 S

200

25 700
H

£, 600

g 500
5
=
=
&

200

FB Messenger Users (mn]

4014 1Q15 2015 3Q1s 4Q15 1016

Slack DAU  ——FB Messenger MAU

Source: Company data, Goldman Sachs Globai Investment Research,

HFANNBE, R2Z AR —BAEMHERNGEE, PL88 s IR R A7 5] 5
SEHERE S BEIR T Jr 22 X0 2 7 Bl LA T S AT i A 3 A o JzﬁﬁTﬁfélﬂEfﬁﬁ?gfﬂﬁﬁ"J%
179, AERER AR B AR GZ R ey S N B BE, Bl e 2 155 iy @ SE B E 3 ik
] BT 55 FIAL AR A o

3 I A A 5 BE () A 2 TR ANHE W AE F7, RIS 45 A E S R, IRZ AFHER T H B/
Bz A NBhE =8, PIsE SRR Sird, WK Alexa, 24K Google Assistant, fi#K
[ Cortana. | FIALEE: ) Fl 2 i i 150t 3k 2 b R PP 7R B 2 I P A5 B I RIS
Wrdodh, XEEH PG EARE. EEEE, M, ADOgut, oI, HEE BUlk, EXM
ANER . REH CANRAE A HE) IR L5 2% n DUl I R s — A NI REFHLE0E #2
##% (Amazon Echo, Google Home) K&, Bl IXEe%y 7> N BB 03T £ 1) %dE, @
RN T EATTRES X 403k H AR F P 28008 3R, AT R R AR A Ak . B, 1B S HE 4“4
B U HIAENL” XA e T RE RS AN R AR PG 5 F P B A S A 158K 2 b 5
en] DL B e P 2 B B RO B AR B, S i PN AR, B I % BRI S
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e R A TAZ P “iRetE” R

FAVE BIHHE 3RS AT RPEHESD 1N 8 REAXEh 807> AN BB it . BA TR A& L
b, A AOXFE RS AIET A BENE AR AL e B AW RE O AE 4858 (Echo, Echo Dot),

M E RN B H & 2R3 A 2 RESS - (Google Home).

ANTHEBES
NLEREIN RS EEH
iBEhEH S NI e LIl | IR IR GRIE. WS

Anki. Universal Robotics.
Kiva System. Influx.Motion
ATl . 1iRobot .
Robotics

Intuition
DroneDeploy -

Imagimob. FocusMotion

Alphabet .
Microsoft. Intel. BigML.

Systems N

Amazon .

Vicarious
Sentenai. Skymind. IBM

Sentrian N Building

Robotics. Moov

B AN R il

A R B

Mobvoi. nVoq. AI Speech.
PullString. Convirza

Deepgram. Augury Systems.
NeuronSW. Audio Analytic

b PR ] SR

ARG S5 Ey ie

Civil Maps . Drive Time

Metrics. CognitiveScale

Sentient Technologies

AL R/ B R A

Ik SR

AuCure. Butterfly Network.
Event 38 Unmanned Systems.
Labs .

Orbital
Insight. Abeja. ViSenze.

AGERpoint <
Affectiva. Clarifai

Cortica - Bay

Descartes Labs .

Movidius .

Nvidia. Intel. Samsung-.
Taiwan Semi N

GlobalFoundries. Google

EESEREESE

Inbenta Technologies -«

Digital Reasoning Systems.

DefinedCrowd . Semantic
Machines N Sentisis
Analytics . Health

Fidelity . Parakweet .
Nuance . Clinithink .
Maluuba N

DigitalGenius—Artificial

Inteligence. Cortical. io

NTHERAES: HHRESEES

flk: BFRETHK 200 12370

o fUibFfrAiiE. ML, WEME. WHRATSR
®  NIARMERSHEAT 0, DARRARS7 3 A
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® R A AR A R R R A

SRk (GRED: BEETAMFIUA 340-430 14370

® {ENFSSHHEh o T R A AT 5

o EMGRTERENR, MTEG. miphill CnfimPEfr EEsgmn Big)
o VUl fE XS I B B iR S AT R L A IK P
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Exhibit 27: All of the innovations identified for improving crop yields involve applications

of machine learning and artificial intelligence
US corn yield drivers
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Exhibit 28: Small farms are the norm in the developing Exhibit 29: While the developed world has seen
world... consolidation and scale of farming operations
Europe, 4% Sub-Saharan l Sub-Saharan
e " Africa, 6% Africa, 3%
The Americas, e -
2%
Asia, 17%
Europe, 27% —— — Middle East &
Middle East & N. Africa, 7%
N. Africa, 3%
The Americas,
46%
Share of global farms < 10 hectares Share of global farms >10 hectares
Source: FAO; Goldman Sachs Global Investment Research Source: FAO; Goldman Sachs Global Investment Research
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Vocalizations collected at
8am daily

Subset of chickens
inoculated with

disease-causing
bacteria

100% of tested
samples were
correctly

Auditory data
aggregated and run
through Neural
Network Pattern
Recognition (NNPR)

classified as
either healthy
or infected
after 8 days.
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kY. An Intelligent Procedure for the Detection and Classification of Chickens
Infected by Clostridium Perfringens Based on their Vocalization, Rev. Bras. Cienc.
Avic. Vol 17. No. 4 Campinas Oct./Dec. 2015.
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1. Jerry Revich et.al, “Precision Farming: Cheating Malthus with Digital
Agriculture, ” published on July 13, 2016.
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REBIML (Farmers Business Network)

FAT5% T Amol Deshpande, fth 2 Farmers Business Network (FBN, fREEEDEMZE) mIEL
A AIEE NN CEO, [AIINtH2 1% 2w I TAE BB R - FBN I 2 A i 2800 A (R, B 1
ik 1000 3 ABUARE, XFEMRT DLLER AR 7 S M EAREER, SEmE1s A8 nT
PATE IR A, I HAS AR R AT AR B f s Sedtm A& .

FEFE ) BB

BT LEARN A RN S BAXFR, R RAES R TR IR 5. MERHERRSFE R, A5
TE WA f PP E A2 X 3 P AR I A P B KAk s R AN ENTE AN M2 75 AE X AR B AT bk
AR BRI ST 85 22 A 4 I 7 X5 A

FBN fi# iR 5

BAEBE S5 0Hr: R EATLAREHEZS FBN 45 500 3£ &AF N2 i 2. AR AR BT LAMABATT 1975 &
MARGGEE b, QRIS T8, PELUGHEE . FBN thas N A AL RTE
WCAR B BUR AR ST TS JE o FBN 18 FALES 2% S AR B AT 8 b, S8 e is o dids
I H A MR, AR R W, B E )45 SR AR 1 25 15 B ARAT TG B A P A\ A
S HEug, BT R B A R

EREE: PN M FE LR &R, R ARG IR 1 P SL A £ x5 FH3E AT V7
o ERAGEHRAREN T, FBN CAXRRILH RN AR 97%LL FHEHKE
Hg: A RGBT, FBN AU ZIN L R RIS U TR IRSS . 56T FBN g E M
¥ A B LLSARE T T JT R BRI RE /7, FBN RS & v LIR 258 U7 N % o HL AR A4S,
[ B A LSS G 8R4 9% A B ECAS . IR JUAS BT SRR nT LLA R 4 75 5 TR 4.

Exhibit 35: FBN's initial goal is to leverage data and ML to Exhibit 36: With the ultimate goal of replacing
help farmers make informed decisions procurement, sales, and finance incumbents
Cycle of data aggregation and use

Uptoaded - : .
o Capital/Financing

Farm activity Dara Z
maonitored and aggregated 5

data collected and structured m i e tnPUt Purchasmg

= Crop Wholesale
Farm decisions Analfytics

Informed by provided to
data P farmer
Sowrcs: Company data, Soldman Sschs Globs! investment Research Source: Company oata, Goidman Sschs Gilobs! investmant Ressanch
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Exhibit 53: Global ecommerce Exhibit 54: Ecommerce penetration by country
17% 2015-2020E CAGR, $ millions 8% overall penetration in 2015
$3,500,000

o
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2012 2013 2014 2015 2016E 2007E 201BE 2OISE 20206 Qﬁ}
- Worldwide ecommerce - yoy (%) Penetration 2015 Overall
Source; Euromonitor, Goldman Sachs Global investment fesearch. Source: Euromonitor, ifgsearch, METI, Goldman Sachs Global investment
Rassarch.
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Exhibit 55: US Retail space per capita
Retail square feet per capita
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Source: ICSC, Euromonitor
Note: Average comprises of Australla, Brazil, Canada, China, Francs, Garmany, india, Japan, Mexico, Russia, and tha UK
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Exhibit 56: Al/ML forecasting head-to-head with traditional methods
Key strengths: Single algorithm, leverage multi-item history, optimize across processes

Traditional retail forecasts ML/Al-based forecasts

- Handful of attributes - Thousands of attributes

- Limited data - Unlimited data

- Primarily time-series based - Model identifies demand-drivers

- Crude forecasts - Highly detailed forecasts

- Limited use - Broad applicability

- Analyst manually enhances forecast - Better local knowledge of demand

I- Many single-purpose algorithms I I Single algorithm I
i' History for this SKU or this category only i‘ if::;z::::: Is::: for all items/promos to i
I' Eadlaigontthion e s scsetd Dudtiosh I I- Useful in multiple processes [flﬁcing, |
o o — i —— lE@&EE@E"&EEEH—@E{-ﬂ&L——l
- Configuration analyst specifies - Machine learns

Sowrce: Pradictix
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Exhibit 57: Customer data science core to approach Exhibit 58: PriceStrat helps model and execute pricing
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Exhibit 59: Labor costs associated with wholesale and retail buyers
$ millions, BPA = Buyer and Purchasing Agent

'Wholesale and Retail Buyers

US Median annual pay §73,662

Number of jobs in US 112,868
US Annual cost ($mn) $8,314

US retail spend ($mn) $3,531,349

Global retail spend (Smn) $22,786,689
US share 15%

|Global BPA cost ($mn) $53,648 |

Source: BLS, Euromonitor, Goldman Sachs Global Investment Research
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B8 £ LU A% 0 T B8 4 VP A AR Stk % DR BRATTE B AT / ML BT Sk i e A
NG 228 2025 A5 A ER e AT 288 L 7 45 B4R A B AT 34038 410 123676
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Exhibit 60: Al/ML price optimization could generate significant lift in apparel ecommerce
% millions

Global ecommerce %4,551,239

% of retail 15%

Apparel/footwear ecommerce $815,262

% of ecommerce 184%
Sales lift

2.3% 518,751
3.4% $27,556
45% 536,361
5.0% 540,763
5.5% 545,165
6.6% 553,970
7.7% 562,775

Source: Euromonitor, Goldman Sechs Giobal Investmaent Rassarch.
W] BRI AL ?

B AT / ML AR OB D S AR RS, IEWI BB A A AL T Y
TR RAON — 8 24 W) AN 53 TR BAT B  BRATTIA D, I R S ) R R 2 i R RE A2 B BE 2 0,
PRI RA AT/ ML 3% B e R (L T A B/ 2 45 R L A B K S8 4 X 2 2 ATt — 20 58 3 Al ]
7 SR IO B AF A 2

RIS ™ M 1) A R 2K, IR 22 iy AR TR 255 e D o e e B8 iy S/
AFAEP, IR AT IR AT, WA E 7 E . B IR A A A SR T
I, HFran AR A T SO AT A A, SRR R 2 KD o [RIB,
A 2015 FRMFEFL (THL), KA ILR S B SR IGEIT 470 {23C.

Exhibit 61: Square ft. growth vs. sales/avg. sq. ft. growth Exhibit 62: Recent store closures/announcements across
yoy % change, equal-weighted select retailers
4.0% 5.0%
2,000
4.0% i
3.0% 1,800
1.0%
1600
ey 2.0% 1400
1.0% 1,200
10% 0.0% b
-1.0% 0
o 20% e =0 200
0% e 259 250 500 200 154 150 150
1.0% ’ o %"“”-‘Eusv
-4.0% o
2,0% - S0% ﬁffﬁafffﬁf j‘(&ffﬁé’(:;f
Dept. Stores sq. ft. —— Discounters sq. ft o 5 f
—4—Dept. Stares sabes/ivg. 3q. ft. (RHS) —s— Discounters sales/avg, sq. ft. [RHS) ‘ga"

Source: Company data Source: Company dsts
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AT/ML BV, AT BT J LA T BT A 4
® SEIT YN M S5 SR B AR P S TS, AT/ML ST LA B O
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Exhibit 63: GS covered energy companies spend 51.4tn Exhibit 64: We see $140bn in savings over 10-years for a
each year on capex + opex + inventories 1% cut in capex, operating costs and inventory
For 10Cs, opex figures are only for the upstream business For 10Cs, opex figures are only for the upstream business
and not for downstream. Data excludes NOCs and not and not for downstream. Data excludes NOCs and not
covered public companies cavered public companies
Total opportunity set of $1.4 trillion per annum A 1% annual cut, can result in $140bn savings over a 10 year time
horizon
S775bn
2 S77bn
$400bn
Sadbn
. o - . -
Capex for global Energy  Cash opex for global Cash inventories for Capex for global Energy  Cash opex for global Cash inventories for
companies Energy companies  global Energy companies companies Energy companles  global Energy companies
M E&Ps [ 10Cs Bidstream il Services WEEPs [ 10Cs Midstream Oil Services
Sourca: Goldman Sachs Global Investmeant Resaarch Source: Goldman Sachs Global Investmeant Ressarch,
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M/ith conventional drilling methods With NOV Automation

Rigon bottom days (8-3/4” sections) Rig on bottom days (8-3/4" sections)

® 2 i ] ]

Measured depth (MD)in feet
Measured depth (MD)in feet
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ANTERet)H: GOOGL (ZFK) ,AMZN (W 5i#)

GOOGLE (&) FENTLH BRI IEAEMAT 47
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ANTHEfAIH: AAPL (GER) ,MSFT (3%

Apple (AAPL) 7E N T BB IEZEMATH4 2
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ANTI& #8005 : FB (Facebook) , CRM
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ANTERef)H: NVDA (ZEfE) ,INTC (ZERER)
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